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1-HERE WE ARE

By any reasonable criteria, the vision of human-
level machine intelligence laid out by Alan Turing
in 1950 is now a reality.

A difference in efficiency of learning does not
necessarily mean a different level of intelligence.

For the first time in human history, we are no
longer alone in the space of general intelligence.
Eyes unclouded by dread or hype will help to
prepare for what comes next.

Chen E. K., Belkin M., Bergen L., Danks D., Does Al already have human-level
intelligence? The evidence is clear, Nature, Feb. 2026, Vol 650, 36-40.
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Comment

e OES Al already have
* human-level intelligence?
Theevidenceisclear

challenging and [eas\nla only If vo[lng was
usedsparingly and transparently, and with-
out overlooking or dismissing the concerns
of countries withless power.

Selze the moment

The chalces made nowwill determine whether
the health of people and the planet are safe-
guarded or put at further risk. We urge the
INC's newly elected chalr to consider Imple-
menting these reforms.

Multiple events during the past few years
have undermined mulillateralism. And as
concens are Increasingy being sidelined or
environmental policles weakened™.

Against this backdrop, It 1s cructal that
the INC process succeeds — bothtoaddress
amajor contributor to the Interconnected

planetary hange
loss and polluton) and to restore faith Inthe
ideathat ooperation cansolw

global challenges.

The authors

Paul Einhupl & 2 research associate of the

Eddy Keming Chen, Mikhall Belkin, Leon Bergen & David Danks

By any reasonable criteria,
the vision of human-level
machine intelligence laid out
by Alan Turing in 1950 is now
areality. Eyes unclouded by
dread or hype will help to
prepare for what comesnext.

n1950, In apaperanmlan Computing

intelligence {AG1) — and some doubt that
they ever will. A March 2025 survey by the
Assaclation for the Advancement of Artl-
ficial Intelligence In Washington DC found
that 76% of leading researchers thought that
scaling up current Al approaches would be
‘unlikely or ‘very unllkely to yleld AGI (see
B0.Nature.Com/4smnléb).

What explains this disconnect? We suggest
that the problem Ispart conceptual, because
definitions of AGI areamblguous and Incon-
slstent; part emotional, because AGI ralses
fear of displacement and disruption; and

part stheterm
Eommercialinireststhat can dlstort assess.
ments. Precisely because AGI dominates
public discourse, It Is worth engaging with

Systemic Risks Group st the hinstitute.
for Sustsinability (RIFS) =t GFZ Helmhohz
Centre for Geoscienoes, Patsdam, Sermany.
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asthe Turingtest,
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mac the kind of flexible, general
cognitive competence that Is characteristic
ofuman thought, suchthat they could pass
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COEMILIVE sCience — 3nd reached 3 Consensus

Three-guart - the answer
looks like ‘yes' In MaxthB [hzlarg! lan-

usston. inwhat follows, we
set out why we think that, once you clear away

guage model (LLM) GPT-4.5, & d by
‘OpenAlinsan Francisco, Calfornis, wasjusdged
by humans In a Turing test to be human 73%
of the time - more often than actual humans
were’. Moreaver,

the
conclusion is straightforward: by reasonable
standards, Including Turing's own, we have
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generated sclentific hypotheses that have
been valldated In experiments’, solved prob-
lems from PhiDexams, assisted professional
programmers In writing code, compased
poetry and much more — Including chatting
24/7 with hundregs of millions of people
around the workd. In other words, LLMs have
shown many signs of the sort of broad, flext-
ble cognitive competence that was Turing's
fiocus —what we now call general Intelligence,
although Turing did not use the term.

Yet many experts baulk at saying that
current Al madels display artificial general

We assume, as we think Turing would have
done, that humanshave general Intelligence.
Some think that general Intelligence does not
extstatall,

I cuhereu( and philosophically interesting.
weset ted
from most Al discourse. But having made

we characterize

general Intelligence?

A common Informal definition of general
intelligence, and the starting point of our
discusskons, Is asystem that can do almost
all cognitive tasks that 3 human can do#?.




2 - Al PERFORMANCES (AS OF JUNE-2024)

Example of GPT-4 visual input:

User What is funny about this image? Describe it panel by panel.

Source: hteps://www.reddit. con/r/hees/ comment s /ubabby/hmmm/

GPT.4 The humor in this image comes from the absurdity of plugging a large,
outdated VGA connector into a small, modern smartphone charging port.
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2 - Al PERFORMANCES (AS OF MAY-2025)

In May 2025, thirty top mathematicians gathered secretly in Berkeley, California, to challenge an advanced Al reasoning chatbot, o4-mini,
aiming to test and potentially outsmart its mathematical reasoning capabilities.

Why secret? To prevent their test problems from leaking online and contaminating the Al’s training data.

At the center of the challenge stood 04-mini, a large language model developed by OpenAl. Unlike earlier LLMs, o4-mini employs specialized
datasets and stronger human reinforcement, making it nimbler and more adept at tackling complex mathematical reasoning. By April 2025, 04-
mini had cracked about 20% of all questions posed—a huge leap from typical chatbot performance...To ramp up progress, Epoch Al
orchestrated the Berkeley summit, where participants split into small groups to invent questions that would expose weaknesses in o4-mini.

The meeting showcased how quickly Al has advanced. Researchers compared o4-mini’s capabilities to those of a strong human collaborator
or a top graduate student. The Al performed calculations and deductions in minutes, whereas human mathematicians might spend weeks or
months on the same tasks.Yang Hui He, a pioneer in Al-assisted math research, compared o4-mini to “a very, very good graduate student,”
adding that the Al was often faster than human experts, tackling weeks-long problems in mere minutes.

Despite the excitement, researchers voiced concerns. There is a risk that mathematicians and the broader community might over-trust Al
outputs, leading to “proof by intimidation” where Al’s authority discourages scrutiny.

Looking ahead, mathematicians may transition toward generating novel questions and collaborating more interactively with reasoning bots,

akin to supervising graduate students. This shift places greater emphasis on fostering creativity and critical thinking within mathematical
education to maintain human relevance. =
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2 - Al PERFORMANCES (AS OF DEC-2025)

POLIM

And something changed right at the end of 2025, and
we know what it was. Models passed a threshold of
coherence; they can work very reliably on tasks of an
hour or two, and somewhat less reliably on longer tasks.
Something clicked. ....

If you’re not at least knee deep in long-running
workflows, it’s quite hard to understand the
implications... at Anthropic, an engineer used it to build
a C++ compiler for $20,000 in API costs. A comparable
project built by humans would typically require five to ten
engineers over 18-24 months, around $2-3 million in fully
loaded labor costs.

The implications extend well beyond software. These
systems can tackle any task you give them sufficient
context for, including research, writing, data analysis, and
operational workflows. We're putting progressively more
complex flows through agents, working in some cases
around the clock.

iouotst MANAGEMENT

Exponential View

@ Everyone’s looking for a bubble. No one sees
the stampede.

The boring phase is coming to an end...




2 - Al PERFORMANCES (AS OF MAY-2026)

A general-purpose, internal OpenAl reasoning model
disproved the 80-year-old Erdés Unit Distance Conjecture.

For nearly 80 years, experts thought simple square grid
patterns were basically the best way to arrange dots to get as
many unit-distance pairs as possible. Erdés guessed the
maximum number of pairs grows almost linearly n.

OpenAl proved instead that you can squeeze more unit-
distance pairs than previously thought.

Why it matters:
+ A prominent open math problem tackled by a general
reasoning Al rather than a specialized math solver;

* Three-way superhuman: original approach (disproval),
multi-domain approach (topology, algebraic number
fields), persistency (10+ pages just for the conceptual
framework)
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3 - AGENTICAI

At the core of modern Agentic-Al
remain Large Language Models
(LLMs) acting as the "brain" of the
agent, enabling advanced
reasoning, comprehension and
communication.

POLIM itiatit MANAGEMENT

Perception:

Gathering data from sources
(user inputs, databases, internet,

sensors, etc.)

. Reasoning and Planning:
Learning Analyze collected information
Evaluating the outcomes of Y !

actions and adapting strategies, 9G] < RIS 1D

using feedback loops and RF st tasl:)sf, ggtciiocnreate 2 gl

Executing
Interacting with other software,
APIs or physical systems, from
sending an email to executing a
financial trade



3 - WHY AGENTIC Al IS SO IMPORTANT

CPU (cu + ALU) Y

Deterministic
(logic) engine (cognitive) engine

System Bus Orchestrator

/O APIs / Interfaces (+Tools)

Probabilistic

1945: Von Neumann’s System Architecture 2023: Agentic System Architecture

Karpathy, A., 2023, "Intro to Large Language Models*
POLIMI &%t MANAGEMENT Roveri M., 2026, “Thought it was Al, actually it was agents”



3 - FROM AGENTIC Al TO Al AGENTS

Reality:
Al Agents are
somewhere
Claim:
- Perform actions: Al Agents are
- Access to other (IT) systems everywhere

- Self-write code

- Interact with other agents
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4 — THE Al BOTTLENECK IS US: PERSONAL SKILLS

"Whether the final result is rigorous or not depends on the epistemic quality
of your starting premises — not on any inherent guarantee of the tool."

Claude Sonnet 4.6 Thinking

POLIM itiatit MANAGEMENT
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5 - MODELS ARE COMMODITIES? NO, THEY ARE NOT, BUT SOON WILL BE... (WWW.ARTIFICIALANALYSIS.AI)

POLIM
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Al VALUE

Artificial Intelligence
A

S

Personal Productivity Corporate level

(Augmentation)

Personal Assistant(s)
Personal Agent(s)
Personal-Use Coding
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Al VALUE: PERSONAL PRODUCTIVITY: EVERYBODY IS ALREADY USING IT

Ramp Al Index: Model Adoption Rate

Share of L3, businesses with paid subschptions to Al models, platfarms,
and tocls
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Al VALUE - PERSONAL PRODUCTIVITY: PROMPT ENGINEERING

Published as a conference paper at ICLR 2023

LArRGE LANGUAGE MODELS ARE HUMAN-LEVEL
PROMPT ENGINEERS

Yongchao Zhou' 2+, A ndrei loan Muresanu®"*, Ziwen Han' ", Keiran Paster' %,

Silviu Pitis' %, Harris Chan' 2, Jimmy Ba'*

sity I'rmmo Vector [nsum: .qnal mnmbuuun
to.

Prompt
Engineering

Author: Lee Boonstra

ABSTRACT

By conditicaing on natural langusge instractions, large lmguage models (LLMs) have
splayed impressive capabilities a5 peneral purpose compuiers. However, task performance
depends significantly on the quality of the prompt used to sieer the model, and mostefective
gromps v b fmmderafed by bumams. Iepired by classical program syntesis and

man approach o prompt engineering, we propose Awomatic Prompt Fagineer]
(APE) for automatic mstruction gencration and selection. In our method, we teat the
imstroction as the “program.” oplimized by swarching over a posl of instruction candidake s
proposed by an LN i oribr &y masinive 8 choven scon function. To evausk the
sy ofthe lecid imsruction, wecvaluae e ot performance ofsntter LLM
Following the wclocted instniction._Extensive experiments show that our sulomatically
v insractons outperfom e pioe LLM busclie by 3 Iane i and hicve

] 10 Mar 2023
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Erocah pramts, 1 wel st maiel ks s el o bt

1 INTRODUCTION

it of scale and led in language models possessing
an unprecedentad kevel of genarality m@mm These so-called
“large lanzuape models™ (LLMs) have shown remarkable, often superhuman, capabilities across a
diverse range of tasks, including both zer-shot and few-shot setups (Brown ef al| 220} [Srivasiava)

With generality, however, there comes a question of confrol: how can we make LLMs
dawhat we want them to do?

Salvato in questo PC

To amswe this quesion and siser LLMs lowaxd desired behaiors, mosnt work s consiered
fine-tuming (€ n-context learning {Brown ot al] , and
saverl Ienm of prompt gmcraunn g, [H021), incluiing both differentiabie taning of 5o pmmpis
= ritsd} (021 and natural language prompt engineering
[ Al is of particular inkerest, as it provides a natural interface for Fumans Ln
communicaiz with machines and may be of gm: relevance not only : s bt 1 ot genenls
moe s such e promped image synthesizers (Rombachetall for which
public interest in prompt design and generation has also emerged (sae Appe L o examples)
Behind this interest i the fact that plain language prompts do not ahways produce the desired msults,
even when those @sulis are possible to produce with alternative instruciions. Thus, human users must
experiment with a wide range of promps to elicit desired behaviors, as they have little knowledge of

how compatible instructions are with 2 particular model, We can understand this by viewing LLMs
a5 black-bax computers that execute programs specified by natural language imstructions: while they

arXiv:2211.01910v2

"W define “prompt engineering” as optimizing the language in a prompt in order 1o elicit the hest possible
pesformance. Notably, this dacs not include prompts that chain mulipls LLM guerics together ar give the LLM
acoess to exiernal tool.

* O codke is available atfh

7

hub. com/ke iTp/ automatic p

Google

http.s://frqntback.geek.com/googles-viral—Pr omp?— Zhou, C,, et al., 2023, Large Language Models are Human-Level Prompt
engineering-whitepaper-a-game-changer-for-ai-users/ Engineers. Available at: https://arxiv.org/pdf/2211.01910.pdf.
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Al VALUE - FROM PROMPT ENGINEERING TO CONTEXT ENGINEERING

PMPI;MEERIH
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Engineering at Anthropic

Research Policy Commitments v  Learn v  News Try Claude

Effective context
engineering for Al agents

Published Sep 29, 2025

Context is a critical but finite resource for Al agents. In this
post, we explore strategies for effectively curating and
managing the context that powers them.

A

v

https://www.anthropic.com/engineering/effective-context-engineering-for-ai-agents
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Al VALUE: PERSONAL PRODUCTIVITY

"Over the course of the last 10-15 years, almost
everybody who sits on a stage like this would tell you
that it is vital that your children learn computer science,
everybody should learn how to program.

And in fact, it's almost exactly the opposite. It is our job
to create computing technology such that nobody has
to program, and that the programming language is
human. Everybody in the world is now a programmer.

This is the miracle of artificial intelligence.”

Allegedly: Jensen Huang, World Government Summit,
Dubai Feb-2024

POLIMI it MANAGEMENT
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Al VALUE: PERSONAL PRODUCTIVITY

“How much richer would we be if we can push to infinity
anything that uses software in the economy?

Turns out there’s a very simple and elegant formula:
because of weak links, an infinite amount of some
task raises GDP by that task’s share of GDP

Software is about 2% of GDP, so we'd be just 2%
richer with infinite software!”

I'm sure!: Prof. Chad Jones, Stanford Graduate School of Business

POLIMI it MANAGEMENT
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Al VALUE: PERSONAL PRODUCTIVITY

Average income per person in the U.S. Electricity

2025 DOLLARS, RATIO SCALE Antibiotics

64,000 Telephone

Fuel and Cars

L]

32.000
Vacuum tubes

16,000 2.0% per year Jet engines
Transistors
8,000
PCs
4,000 F Internet
1880 1900 1920 1940 1960 1980 2000 2020 5] Smartphones

PO“M' EEQHHHIE MANAG[M[NT "A.l. and Our Economic Future," Professor Chad Jones, Stanford Graduate School of Business, www.youtube.com/watch?v=xBpGn3BDcO¥s



Al VALUE: PERSONAL PRODUCTIVITY

"You can see the computer age everywhere but in the productivity statistics”.

Robert Solow, Nobel Laureate

POLIMI it MANAGEMENT


https://en.wikipedia.org/wiki/Computer_age
https://en.wikipedia.org/wiki/Robert_Solow

Al VALUE: PERSONAL PRODUCTIVITY
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Firm Dataon Al

Ilvan Yotzov, Jose Maria Barrero, Nicholas Bloom, Philip

Bunn, Steven J. Davis, Kevin M. Foster, Aaron Jalca,

Brent H. Meyer, et al. (View all)

WORKING PAPER 34836 DOI 10.3386/w34836 ISSUE DATE February 2026

We present the first representative international data on firm-level Al use. We survey almost 6000 CFOs,
CEOs and executives from stratified firm samples across the US, UK, Germany and Australia. We find four
key facts. First, around 70% of firms actively use Al, particularly younger, more productive firms. Second,
while over two thirds of top executives regularly use Al, their average use is only 1.5 hours a week, with
one quarter reporting no Al use. Third, firms report little impact of Al over the last 3 years, with over 80%
of firms reporting no impact on either employment or productivity. Fourth, firms predict sizable impacts

£

over the next 3 years, forecasting Al will boost productivity by 1.4%, increase output by 0.8% and cut
employment by 0.7%. We also survey individual employees who predict a 0.5% increase in employment in

the next 3 years as a result of Al. This contrast implies a sizable gap in expectations, with senior
executives predicting reductions in employment from Al and employees predicting net job creation.

0000060

https://www.nber.org/papers/w34836

MANAGEMENT

21



Al VALUE: PERSONAL PRODUCTIVITY, LOOKING BACK TO THE ORIGINAL SIN

. : . < g ¥ [0 |. i
The economic potential of generative Al: The next pro... Share  Prnt  Dowmoad  Save ¥» Summarize
A | has permeated our lives incrementally, through Finding
everything from the tech powering our smartphones to McKinsey | o addssa preferrea
|nSigh’[S source on Google
autonomous-driving features on cars to the tools retailers use to valuable?
surprise and delight consumers. As a result, its progress has been
almost imperceptible. Clear milestones, such as when AlphaGo,
DOWNLOADS

an Al-based program developed by DeepMind, defeated a world
champion Go player in 2016, were celebrated but then quickly

faded from the public’s consciousness.

The economic
potential of
generative Al

Generative Al applications such as ChatGPT, GitHub Copilot,
Stable Diffusion, and others have captured the imagination of
people around the world in a way AlphaGo did not, thanks to their

broad utility—almost anyone can use them to communicate and

create—and preternatural ability to have a conversation with a

user. The latest generative Al applications can perform a range of .
The economic
routine tasks, such as the reorganization and classification of

" R . , potential of
data. But it is their ability to write text, compose music, and create

nenerative Al The

PO“M' ggagw M AN AGEMENT McKynsey, June 2023, The economic potential of generative Al: The next productivity frontier 22



Al VALUE: PERSONAL PRODUCTIVITY, LOOKING BACK TO THE ORIGINAL SIN

Anthropic CEO: Al Poised to Wipe Out 50%
of Entry-Level Jobs in Next 5 Years

The Claude chatbot maker calls out tech insiders for 'sugar-coating' the dire economic impact they
talk about privately, and calls on lawmakers to act now.

—+ Follow Al

OUR EXPERT
Emily Forlini Emily is an experienced reporter who covers cutting-edge tech, from Al and
Former Senior Reporter EVs to brain implants. She stays grounded by hiking and playing guitar.

May 29,2025 & S Add as a preferred source on Google

ADVERTISEMENT

PO“M' ?E.‘}HEHF M AN ABEMENT PCMag.com, May 2025, Al Poised to Wipe out 50% of Entry-Level Jobs in the next 5 years



Al VALUE: PERSONAL PRODUCTIVITY, LOOKING BACK TO THE ORIGINAL SIN

H The Job Apocalypse Sam Altman X G hitpsy//www.bcg.com/publication X S https://www.bcg.com/publication X + v - () X

0O ¢ @ @ wwwiorbescom/sites/jonmarkman/2026/05/29/the-job-apc B B ¥ ¥ C — w% + & S @ ¥ @ 5 =
(©) corriere R 1aRepubblica [ eBay /7 Trenitalia g Unicredit WeBeep @) Polimi - Servizi online =% YouDOX [ YouTube ) OneDrive Polimi (<) Whatsapp (3 Altri segnalibri
o ® Sam Altman has changed his mind
about the prediction he was best known
T for.
On May 26, at a Commonwealth Bank event in Sydney,
A the OpenAl chief executive said the white-collar jobs
apocalypse "some of the companies in our space advocate
7 or talk about" is not coming, and that the hit to entry-
Publi level office work has been smaller than he expected. "I'm
delighted to be wrong about this," he said.
<
For three years he argued the other side, warning that
jobs would go away and that entire classes of work could
T vanish. His chief rival went further. Anthropic's Dario
- Amodei predicted that Al could erase half of all entry-
1 level white-collar jobs within five years and drive
This unemployment to 10 or 20 percent. That fear was the
consensus, printed on magazine covers and repeated
. . from every conference stage.
& The reversal got written up as a flip-flop. It is not one.
PO“M' ggagmg M AN AGEMENT https://www.forbes.com/sites/jonmarkman/2026/05/29/the-job-apocalypse-sam-altman-and-

dario-amodei-warned-about-never-came/



Al VALUE - PRODUCTIVITY OR WHAT?

Artificial Intelligence

A
~ —~
Personal Productivity Corporate level

(Augmentation)
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Al VALUE - Al MARKET (ITALY, END-2025)
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Campione 2025: 108 rispondenti
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Al VALUE FROM CORPORATE LEVEL APPLICATIONS

Flagship, distinctive

Extent of Al projects
Innovation

S
YOU ARE
HERE
Streamlined, automated
- \\d processes

»
»

Extent of
Automation
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6 - Al VALUE FROM CORPORATE LEVEL APPLICATIONS — EXAMPLE 2

1. Estrae costantemente le ultime informazioni tariffarie
statunitensi dall'USITC e dall'Harmonized Tariff Schedule (HTS).

2. Associa tali tariffe ad articoli, fornitori, ordini e paesi di origine,
inclusi ordini di acquisto in transito e pianificati, e segnala quali
flussi sono protetti rispetto a quelli esposti.

3. Rilevassituazioni ad alta esposizione, come prodotti mono-
origine o tratte che sono improvvisamente diventate piu onerose
a causa di nuove tariffe.

4. Genera azioni consigliate come cambiare fornitore, cambiare
rotte commerciali/paesi di origine o ridefinire le priorita degli
ordini di acquisto e dei piani di approvvigionamento per ridurre
I'impatto delle tariffe.

& Gestione delle tariffe doganali

POLIM itiatit MANAGEMENT



6 - Al VALUE FROM CORPORATE LEVEL APPLICATIONS — EXAMPLE 2

TARIFF EXPOSURE MANAGEMENT WORKFLOW
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« pasa di origine, In tempo quasi reale

(Caleoso S 231, EAgMANLL2I0M Sl TUSS) EFOROLEI 84 $2pOSt, HiEk
. con calcala dal
per clascun fernitore

-
i

Raccomandazian

Output e governance

Scenario di breve-per|

do

Scenario di lungo-periodo

Evigentiars | Fs tarifTar comic, come | pradastl
a Fornitare unice (ingle sauscad).

m

DL e e ————y
[ ——TY
daponitit

Apparsarmaria dal e cont» atias
margina

mpatsa

Pl ook i et st

asponit

Anaiizzars Vespusizione sirutturale per:

Vantara e aitamatie:

intive approvate,
v, mi date,
dipendente, budget e KPI

* Validazione dei dati tariffari e della classificazione HTS

Verifica delle raccomandazioni tattiche o strategiche

0 Approvazione dell'aggiornamento ERP o della roadma

POLIM itiatit MANAGEMENT
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6 - Al VALUE FROM CORPORATE LEVEL APPLICATIONS — EXAMPLE 2

Acquisizione dei dati
’ W I I D D D D B S Ey

\

\
Ad un certo
orario vengono
controllate le
tariffe

Dati tariffari da fonti ufficiali:
Codici HTS, aliquote e note legali
da USITC, integrati con news e
consulenze specializzate.

L]

Informazioni doganali
complete e aggiornate:
Aliguote, esenzioni, paesi e date
di validita sempre al passo con le
normative.

’------—\
L R EoE

4

L ———_
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Acquisizicne di datl tariffari

ati principali
S =y
B Ch o reane ouss ce |

=

L
LT T L

Datl secondart

e Emrigson
H1S e
HT5 porride roe e
Bajgheiin
Suppleraee
wrtep i asigis
Coavtry of SR pEenn
imparting counmry
Purchas crder I3

LI ]
iativaned s da1e
Basn HESdaty rats
cakdriannl LY s

Btk dives

Expure siah
e

Apalkcabls praleraniisl ramen:
Tetal ptimaned duty recn
Dyirraine duipamount

DRI S HTR
Cedicn HTS
Sucriione delhe et
Blapss VPR ¢ dererdl

Codics TS Intermisaca
PFeme S meeermbscriTests
Hliguata sddbional s

s

supplier 18
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6 - Al VALUE FROM CORPORATE LEVEL APPLICATIONS — EXAMPLE 2

Arricchimento dei

flussi
y 4

Validazione del

tariffarie rilevate vengono

viene integrato con i dati
ERP e messo in

con item, codici HTS,
fornitori, paesi di origine e

’------‘

I'impatto della variazione.

\-------_

POLIM itiatit MANAGEMENT

cambiamento: le variazioni
verificate e validate dal tariff
analyst prima di procedere.
Arricchimento dati: il flusso

corrispondenza (matching)

ordini, per contestualizzare

‘-------~

-------_,

4

Arricchimento dei flussi

Rilevazione delle variazioni e
validazione del tariff analyst

Integrazione di ERP

Matching fra item

Matching fra codici HTS

Matching fra fornitori, paesi di

.

origine e ordini

[ A Sppp— T pp—p— Tppp——— f——

Arricchimento dei flussi Valutazione dell'esposizione

]

Rilevazione delle variationie T
validszions del tarift snaiyst. Y
H

Integrazione di ERP. i

Y W s
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6 - Al VALUE FROM CORPORATE LEVEL APPLICATIONS — EXAMPLE 2

Valutazione
dell’esposizione

gl Il Il BN INN BN I iy

"9

Calcolo dell'esposizione:
viene calcolata in tempo
quasi reale l'esposizione
specifica ai dazi per item,
fornitore, ordine, commodity
e paese di origine, sulla base
dei dati della supply chain.

Segmentazione e risk
scoring: i flussi vengono
classificati come protetti o
critici tramite risk scoring; i
flussi protetti terminano il

procedono al calcolo di
scenari what-if.

’------~

4

L

POLIM itiatit MANAGEMENT

processo, mentre quelli critici

/

L ——_

4

i,

e e e

Valutazione dell’'esposizione

Esposizione alle tariffe
@ Supplier @ cquntrj qfﬂrigin

Sulla base dei dati della tua supply chain, calcola quindi la tua
esposizione specifica ai dazi per articolo, fornitore, ordine, commodity
e paese di origine, in tempo quasi reale

Calcolo del livello di rischio

Calcolo dei dazi, segmentazione dei flussi protetti ed esposti, risk
scoring e individuazione delle criticita, con calcolo del livello di criticita
per ciascun fornitore

Flusso protetto

lcolo di
Fine del flusso 2 cpudl )
scenari what-if

-

T ———————————————————————————————————————— -

Valutazione dell'esposizione

Mitigazione

Simulazion] what4f

32



6 - Al VALUE FROM CORPORATE LEVEL APPLICATIONS — EXAMPLE 2

’---------~

/

\—--------'

Mitigazione

Simulazioni what-if: vengono
simulati scenari alternativi (es.
cambio fornitore, riallocazione
produttiva) per valutare I'impatto
delle diverse opzioni di
mitigazione.

Raccomandazioni: sulla base delle
simulazioni, il sistema genera delle
prime raccomandazioni operative
per ridurre l'esposizione ai dazi.
Sulla base dell'output verranno
generati possibili scenari.

POLIM itiatit MANAGEMENT

\

Mitigazione

™S e e e e e e e e e -
i

I

: Simulazioni what-1f

I

I

I

I
-
I

I

‘h ______________________ -

i

e

Mitigazione

Output e governance

Scenario di breve-periodo

Evddensiars | rischi
at

% validazione
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Scenario di breve periodo

’ R .—_HG ~\ _ScenariEl di breve-peril:-du . ) ) I — -
/ e \ f e tiars ankes vt sareeds fjp— : )
I 1 : e e e tosrenl
| D G G
« Monitoraggio e allerta: dashboard, I
notifiche e audit trail evidenziano i I |
rischi tariffari critici (es. prodotti a | —
fornitore unico), verificando se & I ;
disponibile una risposta tattica agli l i
ordini e ai flussi esposti. I L tarcs darenti i
iy e e sprue sl e e :
« Azioni tattiche: se disponibile, si I I B i
attivano fornitori alternativi, si i e: a1 et e E
ripianificano gll ordini, _9_va]utano ::.::,..1....,,._“.“.“.4...,“ : o
rotte/trasporti alternativi, si I i duport ' T
aggiorna il landed cost e si I L } [ Y S——
riallocano temporaneamente . T T -
volumi e scorte; altrimenti non & I
disponibile alcuna risposta tattica l

C 8 & &8 & & _§ N & _§ &N &N _§N_ "

\ immediata.
- S e e e
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\



6 - Al VALUE FROM CORPORATE LEVEL APPLICATIONS — EXAMPLE 2

Scenario di lungo periodo
| & N B BN B BN B B | Scenaria di lungo-periodo
’ y EO-p

=Y

e e e e e e e e e e e e e e e e e e e e e e e e e e e e e e e e

L

4

anallzzane Perpasizione strutiurak per

m m S

Salutare le Jleesmahee:

; . LS m m

/

Scenario di lungo-periodo

Anaszzare [esposTIOne srurturale per:

@ el

Vahitars e altarnative:

Analisi strutturale: si analizza
I'esposizione strutturale per
fornitore, categoria e paese d'origine,
valutando alternative su
diversificazione fornitori, origine,
network di supply chain, contatti,
lead time e resilienza.

E@ Risposta strasegea

-----’

Risposta strategica: ne deriva un
piano strategico che definisce dual I
sourcing e fornitori/paesi alternativi, I
saving atteso e impatto economico, e
iniziative approvate con owner, I
milestone, budget e KPI. J

S\ /’

N ——

POLIM itiatit MANAGEMENT *

. . dati tariffari e della classificazione HTS
Piame di dual sowrcing, . . Iniziative apgarovats,

fosnitarl da quallflcare, * . omer, milesione, date,
paes| alternativi ... = dipsn danze, budgat & KPI

accomandazioni tattiche o strategiche

flell'aggiornamento ERP o della roadmap

e e i o

8 B N & _§ _§ & _§ _§B &N __§N _§_



6 - Al VALUE FROM CORPORATE LEVEL APPLICATIONS — EXAMPLE 2

HUMAN IN THE

LOOP (HITL) [ - )

POLIM itiatit MANAGEMENT

Output e governance

Scenario di breve-periodo scenario di lungo-periedo

Evdanalars | sischi Gariffart criic, came | prodost] AnaszIare lesposions strutturale per
2 farnitors unico (single sourced).

-* Validazione dei dati tariffari e della classificazione HTS

zioni tattiche o strategiche

g Approvazione dell’aggiornamento ERP o della roadmap
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6 - Al VALUE FROM CORPORATE LEVEL APPLICATIONS — EXAMPLE 2

TARIFF EXPOSURE MANAGEMENT WORKFLOW

Acquisizione di dati tariffari Arricchimento dei flussi Valutazione dell'esposizione Mitigazione Output e governance
- - ; \
Scenario di breve-periodo Scenario di lungo-periodo
et | Fschl L MTar crtl, <oma | peodact Anakzzars Fespusizions sirutturale par

 fornitars uales fsingle-saueced).

Sulla sasa del dati della cua supply chas
EposIzENG Specinea 3l 422 por arKicess, Tors
« passe a1 angies, In tampo gua

Caleolo del lvelia di

Calcatn 544 831, SEEMAREAZIONS Gl NUSS) ArOCSLE) e S50t Fisk
scaring con calealo
er clascun fornisare

= &

[T ——

Codice HTS Intarassata
Passe / econamia colnvalza
Aliquota asaienate
Esenziont
Data dl sntrata in vigere
Data di scadenza, modifica o

ruisiane

F Sy p—— it

s

Valutagns 8 rote s o trepets st g
Dettaglio dei dati acquisiti -
mmm—— -~ kv o Biano di dual sourcing. o e Iniciative opprovate.
| pestreaaat farnitorl da quakificars, g ovmer, milestane, date,
i o description paesi alternath P dipendenze, budget e KP|
! HIS ol ; }
i TS confidence lavel ~
| supplior
! Suppler site
i cuntry o origin
| unry ot snipment
L. Acquisizionc di dadl tariltas) 2. Aricchimanta det Muss 3. Valutazions deffespasizions 4. Musgazione 5 Dusput ¢ gavemance
o > o 2 G o © & e eqm s . M T
5 o — a o i Serwacs s son et Asromsre
>
= e 9
G : [—— >
o o - o S
* e .

> i ‘ < { < #

“
s - st ey igaca s | g s s [ — Syl
- oty TR
3> .
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Facssita dat di personsisadens
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DOING THE RIGHT THINGS

<
g Performance . Traditional
§ customers.c.on . operating
g actually utilize model \
? © > Time :
§ Performance
o customers can H
é actually utilize , \ Digital
o E operating
&o@ ) Time 3 model
5y =
“hristensen
(msen Number of users -----------wommr s
Clayton M. Christensen, 1997, The Innovator's Dilemma, Marco lansiti, Karim R. Lakhani,2020, Competing in the Age
Harvard Business School Press of Al, https://hbr.org/2020/01/competing-in-the-age-of-ai
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https://hbr.org/2020/01/competing-in-the-age-of-ai
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CONVIVERE

By any reasonable criteria, the vision of human-
level machine intelligence laid out by Alan Turing
in 1950 is now a reality.

A difference in efficiency of learning does not
necessarily mean a different level of intelligence.

For the first time in human history, we are no
longer alone in the space of general intelligence.
Eyes unclouded by dread or hype will help to
prepare for what comes next.

Chen E. K., Belkin M., Bergen L., Danks D., Does Al already have human-level
intelligence? The evidence is clear, Nature, Feb. 2026, Vol 650, 36-40.

POLIM itiatit MANAGEMENT

Comment

e OES Al already have
* human-level intelligence?
Theevidenceisclear

challenging and [eas\nla only If vo[lng was
usedsparingly and transparently, and with-
out overlooking or dismissing the concerns
of countries withless power.

Selze the moment

The chalces made nowwill determine whether
the health of people and the planet are safe-
guarded or put at further risk. We urge the
INC's newly elected chalr to consider Imple-
menting these reforms.

Multiple events during the past few years
have undermined mulillateralism. And as
concens are Increasingy being sidelined or
environmental policles weakened™.

Against this backdrop, It 1s cructal that
the INC process succeeds — bothtoaddress
amajor contributor to the Interconnected

planetary hange
loss and polluton) and to restore faith Inthe
ideathat ooperation cansolw

global challenges.

The authors

Paul Einhupl & 2 research associate of the

Eddy Keming Chen, Mikhall Belkin, Leon Bergen & David Danks

By any reasonable criteria,
the vision of human-level
machine intelligence laid out
by Alan Turing in 1950 is now
areality. Eyes unclouded by
dread or hype will help to
prepare for what comesnext.

n1950, In apaperanmlan Computing

intelligence {AG1) — and some doubt that
they ever will. A March 2025 survey by the
Assaclation for the Advancement of Artl-
ficial Intelligence In Washington DC found
that 76% of leading researchers thought that
scaling up current Al approaches would be
‘unlikely or ‘very unllkely to yleld AGI (see
B0.Nature.Com/4smnléb).

What explains this disconnect? We suggest
that the problem Ispart conceptual, because
definitions of AGI areamblguous and Incon-
slstent; part emotional, because AGI ralses
fear of d\splal:aman( and disruption; and
part
commercial interests that can distart assess-
ments. Precisely because AGI dominates
public discourse, It Is worth engaging with

Systemic Risks Group st the hinstitute.
for Sustsinability (RIFS) =t GFZ Helmhohz
Centre for Geoscienoes, Patsdam, Sermany.
Linda Del Savio is & research associate.

of the O patthe

Madl 4 AlanTuring  theconcepe
asthe Turingtest, concer po
that seemed purely | nypnmallcal could  poned milestone In a business contract.

mac the kind of flexible, general Inwriting this Comment, we approached

Research Instituts for Sustsinabiity [RIFS)
% BFZ Helmboltz Centrs for Geosciences,

cognitivecompetence that Is characterstic
ofhuman thought, suchthat they could pass

Fotscam, Germant.

s & senior scientist at the Alfred vuzgzner
Institute, Helmholtz Cantre for Polar and
Marine Research, Bremarhaven, Germany.
Annika Jahnke is co-head of the Department
of Expasure Sciznce st the Helmholtz Centre.
for Environmental Research — UFZ, Leipzig,
and professor of s ot RWTH

uart theanswer

this question from different perspactives —

COEMILIVE sCience — 3nd reached 3 Consensus

ree-g
looks like ‘yes' In MaxthB [hzlarg! lan-

usston. inwhat follows, we
set out why we think that, once you clear away

guage model (LLM) GPT-4.5, & d by
‘OpenAlinsan Francisco, Calfornis, wasjusdged
by humans In a Turing test to be human 73%
of the time - more often than actual humans
were’. Moreaver,

the
conclusion is straightforward: by reasonable
standards, Including Turing's own, we have

Aachen University, Aachen, Germany.
- mail: paul s de

artifictal sy tyintzlliga
Thel i

y ryLLMs aver
n 3

& Bemgrrmr, . ot . st e Eath . 3, 505200
o)

5 Tekman, WL B Wahar 8 4_puter. - Cisto L&

This Is far from all. LLMs have achieved
eatth

3 P
beensolved, Recognizing this fact matters —
for policy, hmskand[urunders\anangme

gold4
lymplad, with

he world itself.

m;u;'msm- ity anc Foerasem (WA

Stmett 7. e Earth 5, 56c1-564 a0l
fans . Erarmn N & i 5l o
Primary Piemse i (Limarecs eresbey haticrmd

g .
%
i

=f
£
i
b

i
i
é
i

. Lam 18 B 7. S e 0. 107 el

Tha msthers deciare ns compasng Inbarests.

38 | Nature | Vol B50 | 5 February 2006

generated sclentific hypotheses that have
been valldated In experiments’, solved prob-
lems from PhiDexams, assisted professional
programmers In writing code, compased
poetry and much more — Including chatting
24/7 with hundregs of millions of people
around the workd. In other words, LLMs have
shown many signs of the sort of broad, flext-
ble cognitive competence that was Turing's
fiocus —what we now call general Intelligence,
although Turing did not use the term.

Yet many experts baulk at saying that
current Al madels display artificial general

We assume, as we think Turing would have
done, that humanshave general Intelligence.
Some think that general Intelligence does not
extstatall,

I cuhereu( and philosophically interesting.
weset ted
from most Al discourse. But having made

we characterize

general Intelligence?

A common Informal definition of general
intelligence, and the starting point of our
discusskons, Is asystem that can do almost
all cognitive tasks that 3 human can do#?.




CONVIVERE

Figide 1

Crppartunities for Aungroenting [lumans Are Far Greater than

Crpportunities w Autoruate Bxisting Tasks Human-Al Collaboration Matrix
Taslzs Thae TTaraan Tasks Mewe Tasks That

Huraans 4 an Ta Thar ¥arhines Fuarrana Can Tlewdth

Cuald Auluomate Ui Heelp ool B schines

Brynjolfsson E., 2022, The Turing Trap, Daedalus, 151 (2), 272-287. Dykes B, 2025, The Human-Al Playbook, Forbes
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GUIDELINES FOR A TRUSTWORTHY Al (2019)

Accountability Human agency and
oversight

Societal and

environmental Technical
well-being robustness and
safety

Privacy and Data
governance

| Eairmace
and fairness

Transparency

POLIM itiatit MANAGEMENT
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CONVIVERE

" We Remember:

« 10% of what we read

« 20% of what we hear

« 30% of what we see

* 50% of what we see and hear
 80% of what we do

POLIM itiatit MANAGEMENT
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RULES - NEW CHALLENGES
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NEW CHALLENGES

Psychological research shows that people’s ability to detect
deepfake videos varies considerably... However, little is yet
known about the potential impact of a deepfake video that
has been explicitly identified and flagged as fake.
Examining this issue is important because current legislative
initiatives to regulate Al emphasize transparency.

We report three preregistered experiments (N = 175, 275,
223), in which participants were shown a deepfake video ...
preceded in some conditions by a warning stating that the
video was a deepfake.

We found that most participants relied on the content of a
deepfake video, even when they had been explicitly
warned beforehand that it was fake. This result was
observed even with participants who indicated that they
believed the warning and knew the video to be fake. Our
findings suggest that transparency is insufficient to entirely
negate the influence of deepfake videos, which has
implications for legislators, policymakers, and regulators of
online content.

iouotst MANAGEMENT

communications psychology Article

it/ ol ong/ 101038 /544 271-0 25-00381-9
The continued influence of Al-generated
deepfake videos despite transparency
warnings

[ Chock for updates

Simon Clark® 70 & Stephan Lew andowsky &

Ad\rancas in artificial |ntalhngAI] have rnade it easier to create highly realistic deapfake videos,
appeart doing or saying ing theydid nat da orsay. Despfakes may
presant a threat toindividuslsand g:leaaty for exampla, deapfakes can be usedtoinfuence elections
by di i political jical research shows that people's ability to detect
despfake videos vares 1 , making us to the influence of a video wea
have failed to identify as fake. However, little is yet lnownabout the potential impact of a despfake
video thathas been explicitlyidentifisd and flagged asfake. Examining thisissue is important because
curmant legislative initiatives to regulata Al emphasize transparency. We raport thres prare gisterad
axpmmmts{N 175,275, 223] |nwhnch icipants were shown a deapfake video of
i ded in soma conditions by a
‘waming stating that the video was a despfake. Participants were then asked questions about the
person'sguilt, to examine the influence of the video's content. We found that most participants ralied
on the content of a despfale video, even when they had b plicitly warned thatit was
faka, alﬁuuwajtarruhveaxplanaburshrthaucbu ‘s influence, related to task framing, cannaot ba
ruled out. This result with lndicahadﬁ‘utﬁ‘uybahavedﬁewarrung

to confess amaoral

and knaw the videao to be fake. Our that isi ntiraly negate

theinfluence of deapfake videos, which has implications for lagi poli hers, and

of anline contant

T MndlbUZLweeh afier the Russian imvasion of Ulraine, 2 viden being litical apinion and dectians’ criminal justice sysiem
. 10 shanw Ukraine’s president, Valodymyr Z densky, b,auqu.mh about the relishility of viden evidence in general, even

tdlmq his peqie to sumendsr’. The viden was an entirely fibricated  when it is nat fike’. These threats to sociy can arise through twa distingt
“desphike - socalled hecume thee fake videos are produced using desp  routes: First, peaple may not be able i detect that 2 viden is ke md henee
lea-nmqamhua] inteligence (AT, Advances in Almesn that it becoming  maybei nﬂu‘edb, it Second, in light afalarge bdy of resmurch mm
v which can mpear ta
: i idnat in rediity. do arsay. nupcwu'hlehdeqiaksmumm )dimnee\ul\fﬁqhn!bem
The. mmaq incdent cansttuted 2 'near miss’ - largel hecause the videa specmam dentiied md fagged asfbe

was 2 poar-quality deepike and unlikel to fol many peaple. President ot rote: rhasbeen fund
Zelenshy himuef desrbed the atempt 0 dicredit him = 2 *dhikish ; depending
...... i hw'd;m spamiail vidars mﬂquﬂmmhmm&\me

cx'bemdihdwnmedx 2Bk
Alfiongh it i posslle © e deepihes orJes nefarious purposes \\)n:haem\ed\ﬂnﬂtm:pmmhdh}mdetctmamnq
such i efucasion and wellbeing”, much of theschalaly discussion showt  purtiaulaly on 1 smallscreen such & 2 mobile phane'’  Deection accuracy
depiakes has cused an th has 2l been relaed ® phiz'*" and cognitive reflection
demphike videas could be used to disredit o intimidue people’ influme  ablities. Fenple tend ta be sverminfident in fusr ablity 1 discern redl

Brisiol, LK. (-Je-maik siman dariStnstolao Ui

Commanications Psychalogy|] (2026)413 1
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CONVIVERE

GenAl reliably raises productivity on complex
knowledge tasks, and particularly helps
average and lower-skilled workers close the
gap with experts.

At the same time, it makes people more

overconfident and less able to spot their own
mistakes, even when they know a lot about Al.

POLIM itiatit MANAGEMENT

Pestimated

1.00 + [ ] Al

no Al
0.75
0.50 +

r

®
0.25 4
[ ]

0.00 4

L]
0.00 0.25 0.50 0.75 1.00
Pachieved

Al makes you smarter but none the wiser: The
disconnect between performance and metacognition



https://thomaskosch.com/wp-content/papercite-data/pdf/fernandes2025ai.pdf
https://thomaskosch.com/wp-content/papercite-data/pdf/fernandes2025ai.pdf

CONVIVERE

You are T
here

Human Progress

\,\ﬂ e

|
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CONVIVERE

(v Anthropic cambia i termini di Claude: «Vietato avere
« comportamenti crudeli verso I'Al, altrimenti ti buttiamo
~ fuori». Ma con che diritto sposta i confini dell'etica?
- di Riccardo Luna
I@I
'@:' Anthropic ha appena cambiato i termini di uso dei suoi prodotti e fra altre cose ha CORRIERET
am aggiunto «il divieto di comportamenti abusivi o crudeli verso i modelli, se

prolungati e gratuiti»_ Ma si puo abusare di un algoritmo?

Nobel Medicina 2026, il vincitore
Deisseroth: «Continuer6 a
preparare i panini per i miei figli»

Corriere della sera, 11 Ottobre 2026
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Q&A

giovanni.miragliotta@polimi.it
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WHO AM I?

*  Full Professor @Politecnico di Milano

. Senior director at Osservatori.net, 200-people research group on Digital Innovation:
. Internet of Things, 5G and Connected Digital Industry
. Artificial Intelligence, Intelligent Business Process Automation, Al driven Business Model Innovation, New Robotics
. Smart & Connected Mobility
. Supply Chain Planning

. Co-director of the Internet of Things Lab, the applied research lab of Politecnico di Milano on loT (www.iotlab.polimi.it)

. Co-director of AIRIC, the applied research center of Politecnico di Milano on Al (www.airic.polimi.it)

. Co-founder of IgConsulting, academic spin-off, now part of Digital360

. More than 100 cooperation projects with leading Italian and International companies

To contact me:

* giovanni.miragliotta@polimi.it

* linkedin.com/in/giovanni-miragliotta-4617a0
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http://www.iotlab.polimi.it/
http://www.airic.polimi.it/
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